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| Digital Imaging and Communication of Medicine :
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Group - Element Description Tvpe Length | Value
El 0oz Qoo Group 0002 Length UL 4 z00
[£] ooz ooom1 File Meta Information Wersian ]3] 2 (binaty data)
El ooz ooz Media Storage SOP Class UID LI 26 1.2,540,10005.5.1.4.1.1.7
@ 000z 0003 Media Storage SOP Instance UID 11 54 1.2.826.0.1.3650043.2.1205.3494854556520104191491 6296
@ ooz ooio Transfer Syntax UID LI 18 1.2.840,10005.1.2
@ o0z o012 Implementation Class UID 11 18 1.2.804.114118.3
IQ 000z 0013 Implementation Yersion Mame H ]
[Z] ooz oo1e Source Application Entity Title aE 18
[Z] oooz oio0 Private Information Creator UID 11§ 0 {empty)
[Z] oooz 010z Private Information CE 0 {binatry data)
IQ 000s 0005 Specific Character Set 5 12 IS0 IR 100
[£] o005 0008 Image Type s 24 ORIGINALIPRIMARY|OTHER
E] 0o0s o012 Instance Creation Date ol 10 20100419
|€| 0oog 0013 Instance Creation Time ™ 14 140916,000000
E] 0o0s 0ol SOP Class UID 11 26 1.2.840.10005.5.1.4.1.1.7
E] 0oog 0015 S0P Instance UID U1 54 1.2.826.0.1.3650043.2.1205,34945854556520104 1914916296
@ 0o0s oozo Study Date Dy 10 20100419
El 0oog 0021 Series Date Dy 10 z0100419
@ 0o0s 0030 Study Time T 14 140916,000000
El 0005 0031 Series Time ™M 14 140916,000000
@ 0o0s 0032 Acquisition Time T 14 140916,000000
El oo 0033 iZonkenk Time ™ 14 140915,000000
E] 0o0s oos0 Accession Murmber SH 2
@ Qoo 0os0 Modality 5 4 0T
|§| 0o0s 0064 Canversion Type 5 4 WsD
IQ 0o0s 0070 Manufacturer s} 4 IIS
|§| 000s oS0 Institution Mame L Z
[Z] ooog o090 Referring Physician's Mame PM z
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7200 cGy
B 6600 cGy
6000 cGy
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5400 cGy

M 4800 cGy |
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https://www.ncc.go.jp/jp/ncch/clinic/thoracic_surgery/130/index.html
XD REECELBZOREN LR T — ‘/‘\75*\}9%&5 Sy AR
RT=YHEWVEEFENIELL, ATV T EITBEENVER D



EREICH T BAIDE

*!@;;gaffofﬁwgm HHIDB (4 / L+ EREREHR)
BAE 2 (NLP)
g & ) KR HOBO B BHE e
+ AFICESFaL—i 30
& F/T—3v
PubMED7Z & X HBRDB PEXiE
) OB AREEIIE
“?9 iHiNE mm) O O 0 * mmp B Y ) 4
: A o o =

TIZKEEVITT—452 EEILDEVITT—4
https://www.pmda.go.jp/files/000215325.pdf
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https://www.olympus.co.jp/news/2020/contents/nr01577/nr01577_00002.pdf
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https://dm-net.co.jp/calendar/2016/026246.php
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_ True Positive
(CopD)

True Negative
(Non-COPD)

Thao Thi Ho, et al. A 3D-CNN model with CT-based parametric response mapping,for
classifying COPD subjects. Scientific reports 2021
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DICOM RT for 3D Semantic Segmentation

FIlE EXChClngE earch xchange File Exchange ~ Q
Use DICOM RT for 3D Semantic Segmentation

6 Ratings

of Medical images 34 Downloads @
N Updated 22 Nov 2019
version 1.0.1 (2.28 MB) by Takuji Fukumoto View License

Contributors:;

| got DICOM RT data, a lot of feedback and helpful advice from: +Follow |
Dr. Takafumi Nemoto (Keio Univ., Japan)

Dr. Natsumi Futakami (Tokai Univ., Japan)

Dr. Daisuke Kawahara (Hiroshima Univ., Japan)

Dr. Taiki Magome (Komazawa Univ., Japan)
Dr. Ulrik Landberg Stephansen(Aalborg Univ., Denmark)
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50 X50 X 29
100 X100 X 58

200 X200 X116

25X25X15
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Convolution
RelLU
Max Pooling
Batchnorm
Average Pooling
fullyConnected

Dropout

EEERERN

Softmax

13 X13X8
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%

1E 2 i n 20Gy 1E % fi (0324 7
Sensitivity 80.0 81.7 80.0
Specificity 70.9 36.4 25.5
Accuracy 60.0 53.9
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' m velodity
velocity Id: LIVE-0006 DOB
=] > O Axial
Imaging 1998-12-23

MR T2 TSE

Modality: MR
Scan Name: T2 TSE
Create Date 2

32
Acquisition Date : 1998-12-23, 14:04:38
Referring Physicians Name : Not Supplied §
Radionuclide Total Dose :

Height : ¢

Weight : i

Study Description : ResearchAH&N
Volumyes="1 I

C v
Name Scan

MR T2 TSE 1998-12-23
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Input data

Deep Learning

Output Segmentation

Label data
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Input data

Label data

Convolution

RelLU
Max Pooling

Batchnorm

Softmax

1Ml

Dice pixel classification

Deep Learning

SU-netR—XNFY

Output Segmentation
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Input data

Deep Learning

Output Segmentation

Label data
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https://nme-jp.com/news/11407/
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https://www.imagazine.co.jp/gan
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2x2x1

4x4x2
17x17xg 8%8x4
30x34%16

| | 68x68x32

Convolution

RelLU

Max Pooling
Batchnorm

Softmax

INNENN

Dropout

Reference contour ¥ Real Image?

|__Discriminator ———
Fake Image?
e —_’._

Segmented contour

Input image

17x17x4 m w
34x34x8 34x34%8
68 % 68% 16 68x68x 16

136x136x 32 136 %136 % 32




Deep learningl_ K B2/ A VT — 3>~

Input data

Deep Learning

Output Segmentation

Label data
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Thank You!
N =

If you have a question, Daisuke Kawahara

Please do not hesitate to contact us!! mail: daika99@Hiroshima-u.ac.jp



