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The Image Net dataset 14,197,122 images, 1,000 classes
and competitions(ILSVRC2010-"15)
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Classification
Classification + Localization Object Detection Instance Segmentation
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CAT CAT CAT, DOG

Single object wimeoees  RETEN)Shanmugamani,R. 2018.
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4 types of Data Analytics

y Value

S E B 7

Prescriptive

Predictive

Diagnostic

What is the data telling you?
Descriptive: What's happening in my business?

*  Comprehensive, accurate and live data
*  Effective visualisation

Diagnostic: Why is it happening?

*  Ability to drill down to the root-cause
*  Ability to isolate all confounding information

Predictive: What's likely to happen?

*  Business strategies have remained fairly consistent over time

*  Historical patterns being used to predict specific outcomes
using algorithms

*  Decisions are automated using algorithms and technology

Prescriptive: What do I need to do?

*  Recommended actions and strategies based on champion /
challenger testing strategy outcomes

+  Applying advanced analytical technigues to make specific
recommendations

a Principa

Wi principa.co.za

Complexity
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Real-time : :
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mEF BRENE s
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EROI 51,067,924 1,918,931 | 12.6%

#&ROI 45,319,234 1,010,641 | 9.9%
Bx 393,719,562 11,790,652 | T71.5%

BREA 456,606,720 15,220,224 1100.0%

m3"Y : ’Class weights”

- countEachLabel : VSR ZEV RIVBELATHO YV b.

- PixelCount : AHEBR1BHT-YDISADAI V.

- ImagePixelCount : 2 SRZELEMEANEBROEHFELOU L.
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forward/inference

backward/learning
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LARN aph 450 o

=31 : "FCN-AlexNet”
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Iteration

HE) 255 - -4 - &F . TE8TA)ISEFEMEIZE 1T S DeeplLearningD I AIZ D WLNTHRETZD 1
—=HBEREROEEHMEFEINDRE—] . BRAEEFS, =HO0S. 2019.2.28#%73.

Al Artificial Intelligence R”PS


http://www.yachiyo-eng.co.jp/
http://www.yachiyo-eng.co.jp/

SEFHnets & HEY - ORI F yoo 5575

oHEFEBIOMICEENLER/HL, SESFAHATETLS,
o—7., BENCEFNLZLVERDFHIE., BMOFFEEHRE.
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ET: BEL5BK EYZEDOHA. BT : 30FHI. HLVED. Z2FOHN
m3" : "Pred = semanticseg(imTest, net)”
- FEER A=Al 'net.mat’IT&k 5T X FEIE imTest’ DHER.
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Machine Learning
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Image Processing, Computer Vision
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Deep Learning
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TekkinRoshuts TekkinRoshuts
Background Background
TekkinRoshuts TekkinRoshuts
Background Background

m31*Y : "RandomCropsExtraction”
C F—BOOBEERET D0, BEDAAY A X (1.224 x 224) T,
Augmenter (Bl#z, REEFE) ZMFNYFEZERTES (Hl.64145) .

HH) hE - 25 - kE - FHL: TERAROEGEZRICKSIHHBELHET A
T—3 DEREE] . ATHEERES., HiBKE. 2019.6.4,
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16x25 Partitions Tramning and Test
Size 240x250 Resize 224x224  Predict Pop-outs Mask

Drone Inspection

Size: 6,000 x 4,000 - - Segmentation
e T
i

Morphological Indices

for Prognosis
- Single Disk Approximate (SDA)
* Multiple Neighbor Dlsmbutmn(MND)

Refer)Yasuno T., Fujii J. et al. : Pop-outs Segmentation for Concrete Prognosis
Indices using UAV Monitoring and Dense Dilated Convolutions, IWSHM, 2019 Sept .

-

Annotation of Ground Truthh
Make Pixel Label Data
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Table 1: Comparison of the per-pixel counts between the target pop-outs
region and the background region.

Example consisting | Total number of | The number
of 40 damage drone pixels per of pixels per
Inspection images | damage image Image

05330501 23856495 99.4%

Percentage

per image

Pop-outs region of
interest (ROI 5,660,199 141,505 0.6%

960,000,000 24,000,000 100.0%

HE) Yasuno T., Amakata M. et al. : Sparse Damage Per-pixel Prognosis Indices via
Semantic Segmentation, JSAI2019, International Session, Submission.
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Refer)Yasuno T., Fujii J. et al. : Pop-outs Segmentation for Concrete Prognosis Indices

using UAV Monitoring and Dense Dilated Convolutions, IWSHM, 2019 Sept.
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