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A=---
fori=1:N
A(i)

end

imfilter

A=---

cudaMemcpyHtoD(gA, a);
kernell<<<+->>>(gp)

) cudaMemcpyDtoH(:+)

cudaMemcpyHtoD(:-+)
imfilter_kernel(:-+)
cudaMemcpyDtoH(:-+)

A e memcpyDECEAIE 1 ?
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NVIDIA Hardware Support Package (HSP)

* R2018b

1 4K i3 ™

Speed Mermory Code Appearance Debugging Custom Code Hardware GPU Code

Host Hardware (CPU)

Hardware Board |NVIDIA Drive =]
f
Device: MATLAE Host Computer 9 _0;\ w I‘ ZR— F\o)
NVIDIA Jetson < ig]:}‘\l
Customize hardware implementation .

Build Process

Toolchain: |WCC for MWIDIA Embedded Processors v| | alidate... | MATLAB?b\ ~ N )
'QIEE’ SN I\ ‘\-

Build Configuration: |Faster Runs v| Show settings —_ L
Minimize run time J 7 t A m- Ae
NVIDIA Drive Settings X—=Jy b R—F®D
Board Parameters Device Address: |gpuc0der-tx1 /N 5 )( -_— ﬂ Ajj JetSO n / Dl’ive p|athI’m

Username: |rwidia |

Password: | ----- |

Build directory: |Ih0me!buiIdDri |
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1000 TensorFlow 1.7
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§ 800 MATLAB GPU Coder
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% 600 !
i |
= I
= 400 V' TensorFlow 1.6
—  (cuDNN v7)
200 /
’ 1 2 4 8 16 32 T R MIRIE
Batch -H' /r Z CPU Intel® Xeon® CPU E5-1650 v4 @

3.60GHz, 64 GB RAM

GPU Pascal Titan Xp, 12 GB RAM
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Intel® MKL-DNN Library

! | CnnCOdegen(net,'targetlib','mm_dnnv);
=

NVIDIA® TensorRT™ & cuDNN Library

cnncodegen(net,'targetlib','tensorrt’);

Deep Learning
Networks

Arm® Compute Library

cnncodegen(net,'targetlib','arm-compute’);
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