MATLAB EXPO 2018

TA—T7—ZV7D
RENZEAT —7 70—

MathWorks Japan
T ZANAVYILT 4V TER




&\ MathWorks:

7

7

a4

s T4 —=T5—=vTEE? (BEaHW)

- TA—T 7V DOERT7 -7 70—
—- 77— 70—0D2F B
— MATLABIC & 2 =2 —F L%y b7 —0 DIEE - 28 - 1R:E - B

- MATLABTIEL® 2 XU v b
— AITEBORYPTIR N T+ =TV RDEI R FTELALEYR— Y —EX



T4 —T7—=v7Lix? (BEHLW)

4\ MathWorks

M EOFED 1 DT, WomEMiE (—a2—0y) Xy b7 —270HBETIILAFER

oS FTE

»"4}‘:’4‘ <

e
LR INA Y

'}f?
IR
.gir

X
N
=
IRt
5

- AT
: NA Y
= R




4\ MathWorks

P4 —F5— =V & B ERERH

AR+ AIERE




4\ MathWorks

—®

TA—T5—=VIDERE

ILSVRC (ImageNet Large Scale Visual Recognition Challenge)

ImageNet & |% ? 30 | ' ' ' ' ' . .
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I M A G E N E T 14,197,122 images, 21841 synsets indexed —_
Explore Download Challenges Publications CoolStuff About "_I_
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ImageNet is an image database organized according to the WordNet hierarchy (currently only the nouns) mo
in which each node of the hierarchy is depicted by hundreds and thousands of images. Currently we have I:I]II(
an average of over five hundred images per node. We hope ImageNet will become a useful resource for "/K'K
researchers, educators, students and all of you who share our passion for pictures \R 1 |:|

Click here to learn more about ImageNet, Click here to join the ImageNet mailing list

2000 2011 2012 2013 2014 2015 2016 2017

http://www.image-net.org/ ~ SIFT+BoF* > Deep Learning >

% SIFT: Scale-Invariant Feature Transform
BoF: Bag of Features 5
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i & Training Progress (19-Oct-2017 11:25:37) - o x
4 Deep Network Designer - O X Training Progress (19-Oct-2017 11:25:37) Training Recaton 10474 of 10530
I -
DEEP NETWORK DESIGNER 100 Tk T
Starttme: 19-00t:2017 112537

R2018b

- & Cut e s
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opts = trainingOptions('Plots','training-progress’);
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Semantic Segmentation
Using Deep Learning

Train a semantic segmentation
network using deep learning.

https://jp.mathworks.com/help/deeplearning/examples.html
https://jp.mathworks.com/help/textanalytics/examples.html
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Speech Command
Recognition Using Deep
Learning

Train a simple deep learning
model that detects the presence
of speech commands in audio.
The example uses the Speech
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Classify Text Data Using
Deep Learning

Classify text descriptions of
weather reports using a deep
learning long short-term
memory (LSTM) network.
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HOW TO TARGET?

opts = trainingOptions('sgdm',
'MaxEpochs', 100, ...
'MiniBatchSize', 250, ...
'InitialLearnRate', 0.00005,

'ExecutionEnvironment', 'auto' );

opts = trainingOptions('sgdm',
'MaxEpochs', 100, ...
'MiniBatchSize', 250, ...
'InitialLearnRate’', 0.00005,

'ExecutionEnvironment', 'multi-gpu' );
|

opts = trainingOptions('sgdm',
'MaxEpochs', 100, ...
'MiniBatchSize', 250, ...
'InitialLearnRate', 0.00005,

'ExecutionEnvironment', 'parallel' );
]
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GPU Coder - mandelbrot_count.prj

D»» Generate Code

Source Code 10
- ' mandelbrot_count 11

-]

15
16
17
13
19

W OQutput Files 20

J TIRUEIL T UL_CUUTL_Ly fesr

¥ report.mlidatx
<

>

12 73
13 &
14 #incl

E mandelbrot_count.h 21  count[1000000], creal T =z[1l000000]):

E MW CudaDimUtility.h 22 static _ global  void mandelbrot count_ kernel3(real T count [1000000]})

E rt_nonfinite.h 23 static _ device_ real T rt_hypotd snf(real T ul, real T ul): v

2 rutypesh -

*++ cpp_mexapi_version.cpp

|:] _coder_mandelbrot_count_api, Target Build Log | Variables

|:] _coder_mandelbrot_count_infc MWCudaDimUtility.obkj -~

|:] _coder_mandelbrot_count_me cpp_mexapi_wversion.obj

|:] mandelbrot_count_data.cu cuda.lib

|:] mandelbrot_count_initialize.cu cudart.lib

|:] mandelbrot_count_terminate.c cublas=.1lib

‘ mandelbrot_count.cu cusolver.lib

[ ] MWCudaDimUtility.cu cufft.lib

ﬂ mandelbrot_count_mex.mexw Creating likrary mandelbrot count mex.lik and object mandelbrot coun
] ]

GENERATE » VERIFY CODE

@E

i “f
"MWCudaDimDUtility.h"

"rt_nonfinite.h"

Include files

"mandelbrot_ count.h"

3¢

static _ global  void mandelbrot count kernell (const real T yGrid[l00!
const real T xGrid[1000000], creal T z[1000000], real T count[l100000/
creal T =z0[1000000]);

static _ global  void mandelbrot count kernel2(creal T zO0[1000000],

/* Function Declarations

Build completed using compiler msvcpplS0

® >
&) MEX build succeeded. View Report Next )
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Single Image Inference (Titan XP)

GPU Coder

MATLAB

ResNet-50 VGG-16 GooglLeNet

Intel/® Xeon® CPU 3.6 GHz - NVIDIA libraries: CUDAS9 - cuDNN 7

R2018b
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» MATLAB academy MATLAB Fundamentals 10:.==7  MATLABAcademyContent Tester
= Chapter 14.6 F00x 4 BRERDIERE (1/1) <A | K>
A1
s pyramidm  x WORKSPACE

1 | function y = pyramid(x) Name- I
RAV3 2 % P(n) - n HEHOOEHEMST0REIESTE

SPEGES I ((FH O S3vk e
BIEERET) T, @S s E
13 210 B BF - AR N TUET .
AFBIEN 210 DIBED PESTELT.
COHE ST E EET LI I EREN
TO O EE LTI BRI
Khufu &SR LTS,

Eh | BEERSD

3
4_y = sum((1:x).72);

Web EODMATLAB%

>> edit pyramid; jlgcé{/F 6 03 T°

A3

>> khufu = | ’f \/Z I‘ ”/qu !
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