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ReLU/E (Rectified Linear Unit)
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layers = [ ...
imagelnputLayer([28 28 1], 'Normalization', 'none’);
convolution2dLayer(5, 20);
reluLayer();
maxPooling2dLayer(2, 'Stride’, 2);
fullyConnectedLayer(10);
softmaxLayer();

classificationLayer()];

opts = trainingOptions('sgdm’', 'MaxEpochs', 50);

net = trainNetwork(XTrain, TTrain, layers, opts);
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opts = trainingOptions('sgdm',
'MaxEpochs', 100,
'MiniBatchSize',6 250,

'InitialLearnRate', 0.00005,

'ExecutionEnvironment',
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multi-GPU, 759 RFIBICLHFE

opts = trainingOptions('sgdm',
'MaxEpochs', 100,
'MiniBatchSize', 250, ...
'InitiallLearnRate', 0.00005,

'"ExecutionEnvironment', 'parallel' );
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net = denoisingNetwork('DnCNN");
denoisedl = denoiseImage(noisyl, net);

Image Processing toolbox
Neural Network toolbox
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