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Part 1: Data Preparation
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Condition monitoring system using deep learning

“Three advantages of MATLAB that led our project to
success: app-based Al development workflow, compatibility
with third-party hardware, and short test cycle with rapid
prototyping.”

— Junghoon Lee, LG Energy Solution
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Industrial Machine Anomaly Detection
using an Autoencoder

Air Compressor Fault Detection
using an LSTM
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e Remaining Useful Life Estimation using Convolutional Neural Network
e Automated Optical Inspection with Deep Learning
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Poll Recap

How could we improve the results of a trained deep learning algorithm?

v' Collect more data
Collecting more data is important to make sure your training dataset fully represents the operating conditions
you are trying to predict.

v" Tune network hyperparameters
Optimizing hyperparameters can improve performance, but can be challenging. MATLAB makes it easy to do
this interactively in Experiment Manager and Classification Learner using Bayesian optimization.

v'  Try a different feature set
It is important to select the best features that can differentiate between classes. You can automate selection of
the most promising features using techniques such as feature ranking or wavelet scattering.

v' Try a different algorithm
Explore a variety of algorithms to solve your problem. MATLAB Apps such as Classification Learner for machine
learning and Experiment Manager for deep learning can help you easily compare algorithm performance.

X Buy more GPUs
This won’t improve the accuracy, but it will help speed up training. Many functions in MATLAB have built-in
GPU support.

Related Sessions to Check Out at MATLA

e DevOps for Software and Systems: Putting Algorithms and Models in Operation
e Deploying Al to Embedded and Enterprise Systems
e Deploying Al on PLCs

Thank you for attending!
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