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Hardware connectivity — Software Defined Radios

4\ Add-On Explarer -

Contribute Ma

Filter by Source
MathWork 5RESULTS

FHteY by Cutaioly Signal Processing and Wireless Communications (5)

Applications
Signal Processing and Wireless 5
Communications

MATLAB Family 5

Hardware Interfacing and loT

Communications Toolbox Communications Toolbox Communications Toolbox Communications Toolbox Communications Toolbox
Support Package for RTL- Support Package for USRP Support Package for Support Package for Xilinx Support Package for USRP
Filter by Type SDR Radio Radio Analog Devices... Zyna-Based Radio Embedded Series Radio
v Hardware Support Packages 5 Acquire RF data using RTL-SDR Design SDR systems using e and test software-defined Design and prototype SDR systems Pratotype and test software-defined
USRP{R) Radio radio ystems using ADALM. using Xilinx Zyng-based radio radl R) systems using USRP
Filter by Hardware Type PLUTO with MATLAB and Simulink E310 with MATLAB and Simulink
I

Using Simulink

148 Dowr 3 4 D loa 4 Downlcads

&\ MathWorks




Hardware connectivity — Radar
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version 1.1 (636 KB) by MathWorks Phased Array System Toolbox Team

Add-On enabling the communication between I\r1AL_P_\_E_S & Simulink and the Analog Devices Demorad Radar Sensor Platform
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trainedNetNoCar = trainNetwork(trainDataNoCar,trainlLabelNoCar,layers,options);
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Improving your model performance : Selecting better training options

options = trainingOptions('adam’, ...

'ExecutionEnvironment’, 'gpu’,...

'MiniBatch5ize',128, ...
'MaxEpochs',3@, ...

‘InitizlLearnRate’,1e-2, ...

‘LearnRateSchedule’, 'piecewise’

'LearnRateDropFactor',8.1, ...
'LearnRateDropPericd’ 18, ...
‘Shuffle’, 'every-epoch', ...
"Verbose' ,false, ...

'Plots", 'training-progress")
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trainedNetNoCar = trainNetwork(trainDataNoCar,trainlLabelNoCar,layers,options);
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Classify Signatures With Car Noise

Classify Signatures with Car Noise Retrain CNN by Adding Car Noise to Training Data Set
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